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Introduction

Artificial Intelligence (AI) is reshaping health 
care in ways that affect patients, clinicians, and 
institutions alike. Health AI, as defined in this 
commentary, encompasses digital tools deployed 
by health care organizations (e.g., generative AI, 
ambient scribes, machine learning) as well as tools 
used independently by patients and their care 
partners (typically generative AI). In institutional 
settings, AI is typically deployed to standardize 
clinical workflows, enforce compliance, manage 
operational risk, meet financial objectives, and 
extract value from big data (Allen et al., 2024; 
Goh et al., 2025; Gonzalez-Smith et al., 2022). 
For clinicians, AI is framed as a way of reducing 
administrative burden and improving diagnostic 
accuracy. Within health care organizations, all staff 
operate under the constraint of using institutionally 
approved digital solutions, which may narrow 
clinicians’ discretion, while aligning practice with 
organizational priorities.

In contrast, patient-directed AI offers new 
opportunities for personal autonomy and agency 
that are not constrained by institutional policy. 
While patients may face barriers such as access, 
limited digital literacy, and incomplete access to 
health data, these tools leave room for curiosity 
and experimentation, allowing them to ask 
unconventional questions and pursue lines of 
inquiry institutions may discourage or overlook, 
a shift some describe as the rise of “AI Patients” 
(Blumenthal and Goldberg, 2025; Woods et al., 

2025). This commentary explores how AI can 
evolve from a tool of compliance to one of patient 
agency, reflection, and liberation, showing how 
strategic use can sharpen patient reasoning, 
deepen critical engagement with institutional 
priorities, and support patients in influencing the 
systems that shape care, reclaiming ownership of 
their health narrative.

The Need for Critical AI Health Literacy

In practice, most Health AI systems serve 
institutional priorities. Clinicians use tools shaped 
by operational and compliance requirements, 
insurers deploy algorithms that flag claims for 
denial, and hospitals implement triage models that 
can disadvantage marginalized patients through 
biased training data (Obermeyer et al., 2019; 
Robeznieks, 2021; Kelley, 2025). These applications 
are largely opaque to patients yet directly influence 
their care.

Patient-directed AI may offer an alternative path 
that shifts control toward the individual. In this 
way, patients select their own tools, cross-check 
recommendations, and explore perspectives 
institutional systems may overlook. The Patient 
AI Rights Initiative, an AI governance framework 
led by patient advocates, emphasizes seven 
foundational rights patients must become literate 
in and advocate for to challenge institutional 
priorities in Health AI, including transparency, self-
determination, and independent duty to patients 
(Cordovano et al., 2024).
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Yet, with these opportunities come significant 
risks. Generative AI can hallucinate or embed 
systemic bias. Commercial platforms lack HIPAA 
protections, and any data entered may be stored or 
disclosed through legal discovery. Without critical 
skills, patients may accept AI outputs uncritically, 
mistaking AI’s confident framing for objective truth.

Critical AI Health Literacy addresses these risks 
by fostering what the authors call algorithmic 
resistance: the deliberate and informed use of AI 
to challenge institutional priorities that conflict 
with patient values. Building on Abel and Benkert’s 
definition of critical health literacy as “the ability 
to reflect upon health determining factors and 
processes and to apply the results of the reflection 
into individual or collective actions for health in any 
given context,” this approach positions AI not as a 
replacement for expert judgment, but as a catalyst 
for developing expertise (Abel and Benkert, 2022). 
Emerging evidence suggests patients often cannot 
distinguish AI-generated advice from physician-
generated advice, and may trust inaccurate AI 
outputs (Shekar et al., 2025; Karinshak et al., 2023). 
This is why AI’s true promise lies not in providing 
definitive answers, but in sharpening patients’ 
capacity to question them.

Too often, AI health literacy is narrowly 
understood as the ability to craft effective 
prompts. While prompting skills are useful, they 
represent only the bare minimum necessary 
to operate generative AI. In contrast, Critical AI 
Health Literacy goes further: it equips patients and 
care partners to interrogate the systems behind 
AI, recognize bias and institutional alignment, 
and resist outputs that prioritize organizational 
interests over patient values.

The authors define Critical AI Health Literacy as 
the ability to strategically use AI tools to analyze 
health determining factors and power structures, 
evaluate AI outputs for bias and institutional 
alignment, and take informed action to advance 
individual and collective health goals through 
algorithmic resistance to systems that prioritize 
institutional priorities over patient values.

Why Critical AI Health Literacy Matters Now

Building Critical AI Health Literacy requires 
competencies such as evaluating AI outputs for bias 
and accuracy, cross-checking information across 
multiple sources, understanding the political and 
economic forces shaping AI deployment, and 
using AI as a “thought partner” as opposed to an 
“oracle.” These skills transform AI from the “Dr. 
Google” of the last decade into a tool for strategic 
advocacy in the future (Obermeyer et al., 2019; 
Pascoe et al., 2024).

Patients are already cultivating these skills 
and fostering collaborative learning by sharing 
prompting strategies and interpretive approaches 
that deepen understanding and improve health 
care navigation. These practices are associated 
with improved health outcomes, higher quality, 
and safer care when patients are empowered to 
meaningfully participate (Greene et al., 2015). 
Examples of patients strategically using AI 
include: translating complex clinical jargon while 
preserving evidence-based meaning, compiling 
scattered medical records to accelerate symptom 
analysis, generating successful insurance appeal 
letters, and creating shareable health summaries 
that improve coordination for children with rare 
conditions (Salmi et al., 2025; DeBronkart, 2024). 
These practices highlight AI as a tool for patient 
empowerment rarely acknowledged outside of 
health systems (Sundar, 2025).

AI-Enabled Praxis: A Framework for 
Critical AI Health Literacy

Brazilian educational theorist Paulo Freire 
described praxis as a cycle of critical reflection, 
followed by strategic action, leading to liberation 
through transformative change (Freire et al., 2018). 
Applied to Health AI, praxis invites patients not 
only to understand the systems that shape their 
care but to use that understanding to assert 
agency and create change. It is not merely about 
acquiring health information, but critiquing the 
social, institutional, and political contexts in which 
that information exists, and then taking purposeful 
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steps to act upon it. These steps include critical 
reflection and strategic action, ultimately achieving 
liberation through agency (see Figure 1).

Critical Reflection: Critical reflection involves 
analyzing one’s health condition, interrogating 
institutional practices, and uncovering the 
power dynamics across interactions among 
patients, clinicians, health care systems, and the 
technologies that shape their care. AI accelerates 
this process by helping patients explore 
treatment options, compare clinical guidelines, 
review medical literature, and detect patterns in 
fragmented health data that may otherwise remain 
hidden (see Box 1).

Strategic Action: Strategic action then applies 
these insights gained to influence decisions and 
advocate effectively. Patients might craft targeted 
questions, prepare persuasive insurance appeals, 
and integrate medical research into summaries for 
their care team (see Box 2).

Liberation through Agency: The final step, 
liberation through agency, occurs when patients 
move beyond using AI for surface-level inquiries, 
such as confirming existing information, and 
instead engage in an ongoing cycle of reflection and 
action. In this deeper mode, AI becomes a means 
of navigating—and when necessary, resisting—
institutional priorities while remaining grounded 
in personal and community-defined values. The 
goal is not to reject professional expertise, but to 
break free from disempowerment by becoming an 
active co-author of one’s health narrative. This, in 
Freire’s terms, is liberation (Torre et al., 2017).

AI Limitations

While Critical AI Health Literacy holds promise 
for expanding patient agency, it faces significant 
limitations. Access to AI tools is not equitable. 
Many patients face barriers due to limited digital 
literacy, financial constraints, or inadequate 

FIGURE 1 | AI-Enabled Critical Health Literacy: Freirean Praxis Cycle
SOURCE: Created by the authors.
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internet connectivity. Without addressing these 
disparities, AI risks widening existing gaps in 
health care access and outcomes. Privacy is also a 
significant public concern. Commercial AI tools are 
not HIPAA-compliant, and any data entered may 
be stored, analyzed, or shared in ways that are not 
transparent to the user, potentially surfacing later 
through legal discovery, marketing analytics, or 
other unforeseen channels (Downing and Perakslis, 
2022). A further risk lies in over-trusting AI outputs. 
Generative AI presents information persuasively, 
even when it contains inaccuracies or embedded 
biases. Patients may mistake fluency for accuracy, 
and act on misleading or incomplete advice 
(Hart, 2025; Dober, 2025; Draelos et al., 2025). 

Finally, while AI can help individuals, structural 
inequities in health care cannot be addressed 
through individual empowerment alone. Equity 
requires coordinated systemic reform alongside 
the cultivation of patient skills.

Key Takeaways

When patients adopt Critical AI Health Literacy, 
they move from consumers of organizational AI 
to active agents of algorithmic resistance. This 
unlocks new forms of participation and control 
over health narratives, shifts long-standing power 
structures, and opens the possibility of more 
equitable, patient-centered decision making. 
Patient communities can play an important role 

BOX 1 | Case Study: Communicating New Clinical Guidelines

This case shows how AI can help bridge gaps between clinician awareness and patient needs. 
Diagnosed with Restless Legs Syndrome (RLS) in 2019, LS began treatment with ropinirole, a 
dopaminergic drug commonly prescribed off-label for RLS. At first, the medication relieved her 
symptoms, but by 2024, she experienced “augmentation,” which is a worsening of symptoms 
ironically caused by the drug itself. As her quality of life declined, LS entered a cycle of critical 
reflection, questioning why her symptoms were intensifying and whether better treatments 
existed.

Turning to an RLS community on Reddit, LS learned about updated Mayo Clinic guidelines from 
2021 that no longer recommended dopamine agonists as first-line therapy for RLS (Silber et al., 
2021). She recognized a disconnect: her primary care provider (not a sleep medicine specialist) 
was unaware of new guidelines and recommendations. LS downloaded the updated guidelines and 
cited studies and sought access to publications located behind paywalls. To distill the information, 
she used GPT-4o (OpenAI, San Francisco, CA) to generate a one-page summary that could be 
easily skimmed by a busy doctor.

In a moment of strategic action, LS messaged the AI-generated summary to her primary care 
provider via the patient portal, noting “no reply” was needed. At the visit, LS discovered that her 
doctor had printed and read the summary, reviewed the guidelines, and agreed to taper LS off 
the dopamine agonist and begin alternative therapy. Two months later, LS reported improved 
sleep and reduced symptoms.

This story demonstrates liberation through AI-enabled praxis: a patient who used AI not just for 
information retrieval, but to interrogate clinical norms, and demonstrate agency. In this scenario, 
LS used AI to partner with her doctor—enacting Freire’s vision of liberation through reflective, 
strategic, and transformative action.

SOURCE: Created by the authors; based on second author’s experience.
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by co-designing AI tools that reflect shared 
needs, values, and ethics, and by advocating for 
technology that serves justice as well as efficiency. 
The AI-enabled praxis framework offers a way to 
understand the value of patient agency through 
Critical AI Health Literacy. True empowerment 
lies not in trusting AI for the right answer, but in 
learning to think with and beyond it, to question, 
shape, and challenge its outputs when they fail to 
serve the patient. In this vision, AI becomes more 
than a tool of oversight, efficiency, or automation; 
it becomes a technology of liberation.
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